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+ Important for abnormality detection in early pregnancy
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+ CNNs learn anatomical features and shadow features simultaneously.
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+ CNNs exhibits weak generalizability
+ Our goal is to disentangle anatomical features from shadow features
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+ Our model achieves 99% accuracy on unseen test data (baseline is 10% )
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Unseen test for
anatomical classification

Unseen test for shadow artifacts classification

* Anatomical classification task T', / featureZ ,
+ Shadow artifacts classification task T ;/ feature Z
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+ Classification accuracy of different methods for various tasks.
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We require Less Disentanglement Disentanglement is
data collection occurs in last layers able to provide
compare with data because of benefits for model

augmentation adversarial training generalization
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